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ABSTRACT 
Drawing on domestication theory, the overall aim of this study is to examine how users ‘tame’ 
generative AI (GenAI) in professional contexts. Domestication theory perceives ‘new’ technologies, 
such as GenAI, as comparatively wild, unpredictable, perplexing, or somewhat troublesome. 
Consequently, it is not just a matter of how these technologies are employed in the most effective 
way but, more importantly, how users tame them for their specific needs and purposes. The 
analysis focuses specifically on the ambiguities, negotiations, and contradictions that shape the 
multifaceted processes of adopting GenAI in professional contexts. The empirical material, 
consisting of a survey, qualitative interviews, and notes from on-site visits, was gathered in 
Southeast Asia in close collaboration with a non-profit organization operating in the Mekong Delta. 
The thematic analysis illustrates how employees carefully balance technological promise with 
professional values when ‘taming’ GenAI for professional purposes. In essence, the study discusses 
the potential implications of GenAI for organizations and advocates for the development of 
employee-centered guidelines that align with the organization’s mission and accommodate diverse 
user practices.  
 
Keywords: domestication theory, generative AI, intelligent technologies, professional contexts, 
technology adoption, thematic analysis 
 
 
 
 
 
 
 
 
 
 



Research Articles  Southeast Asian Media Studies Journal | Vol. 6, No. 1, 2024 

MAHNKE | GENERATIVE AI AT WORK | 34 

INTRODUCTION 
Generative AI (GenAI) is growing in popularity, and professionals have started to ‘tame’ this ‘wild’ 
technology for professional purposes. At its core, GenAI combines models of machine learning, 
natural language processing, and artificial intelligence, offering users an intelligent platform that 
can facilitate human-like communication processes. Allowing users to communicate with the 
platform is what distinguishes GenAI from other digital applications. ‘Taming GenAI’ then refers to 
a multifaceted process shaped by this user-GenAI communication, where users need to navigate 
the GenAI’s intricate socio-technical complexities and entanglements. Examining GenAI through 
the lens of domestication theory allows for an exploration of the ambiguous, often contradicting 
dynamics and dilemmas that affect the adoption and utilization of GenAI in professional workflows 
and practices. 

The development of intelligent chatbots, such as ChatGPT, has started to challenge the 
dominant anthropocentric paradigm within communication studies and has prompted a variety of 
theoretical, conceptual, and philosophical discussions (Guzman & Lewis 2020; Bailey and Barley 
2020; Lindgren 2023). Central to these discussions are explorations of the blurring boundaries 
between humans and machines ( Gill 2016; Gunkel 2017; Dignum 2022) as well as their ethical and 
societal implications (Ananny 2016; Hagerty & Rubinov 2019; Campolo & Crawford 2020; 
Hagendorff 2020; Crawford 2021). In organizational contexts, empirical studies have started to 
examine the role of AI in relation to arising strategic opportunities and challenges (Zerfass et al. 
2020; Sestino & De Mauro 2022) as well as AI’s impact on business communication (Getchell et al. 
2022). Scholarly discussions surrounding AI in general and GenAI more specifically are primarily 
theoretical in nature, and little attention has been paid to communication and AI practices in 
organizational contexts (Gulbrandsen & Just 2023).  

The aim of this study is, therefore, to contribute to the academic discourse on the topic at hand 
with a nuanced empirical examination of the following research question: How do employees adopt 
GenAI for professional purposes? The process of data collection took place in a non-profit 
organization (NGO) operating in a Southeast Asian context, more specifically in the city of Chiang 
Mai (the second largest city in Thailand), and the Mekong Delta. The region’s distinct blend of 
traditions and languages, combined with an easily accessible digital infrastructure, creates a socio-
economically attractive environment for organizations and thus makes it a valuable research 
environment. Overall, the study aims to make research-based recommendations to organizational 
management on how to integrate GenAI tools meaningfully in a professional context. In conclusion, 
the study advocates for the development of employee-centered guidelines that align with the 
organization’s mission and accommodate diverse user practices. 

 
FROM ELIZA TO CHATGPT: AI RESEARCH AND PRACTICE 
In recent years, AI applications have become ubiquitous, and lately, a variety of GenAI applications 
have started to penetrate the market. To systematize the field, AI applications have been defined 
along the lines of narrow or weak, generative, and general AI (ISO, n.d.). In contrast to previous AI 
applications, generative AI focuses on the generation of new content rather than solely evaluating 
existing data. The currently most well-known GenAI application is ChatGPT; however, others are 
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equally used, e.g., Gemini (Google), Copilot (Microsoft), Grammarly, and Quillbot. One of the earliest 
applications to be able to ‘communicate’ was ELIZA, a natural language processing computer 
program that was designed to respond like a Rogerian psychotherapist. Computer scientist Joseph 
Weizenbaum developed the application at MIT in the late 1960s, and it marked a significant step 
towards creating programs that allowed for conversations between humans and machines 
(Weizenbaum 1966). Prior to ELIZA, Alan Turing’s famous imitation game, also known as the Turing 
test, laid the theoretical groundwork for human-machine communication (Turing 1950). His 
thought experiment led to a shift of focus from the question “can machines think?” towards the 
conditions under which machines are able to exhibit intelligent behavior in the form of 
communicating with humans. 

With the emergence of GenAI, questions regarding machine intelligence have gained new 
relevance, especially in the social sciences and humanities, where societal and ethical implications 
are critically scrutinized (Gill 2016). Almost three decades of critical research on discriminatory and 
unintended outcomes have led social scientists and humanities scholars to reject the idea of 
technology as being neutral. Instead, focus is put on the inherent biases, assumptions, and values 
that are embedded in technology (Friedman & Nissenbaum 1996; Nissenbaum 2001; boyd & 
Crawford 2012; Crawford & Calo 2016; Crawford 2021; Lindgren 2023) as well as questions of 
infrastructural power (Van Dijck et al. 2018).  

Following the extensive research on the structural properties of intelligent communication 
technologies, empirical research has started to focus on the substantial role and agency of the user 
(Mathieu & Pruulmann-Vengerfeldt; 2020 Pruulmann-Vengerfeldt and zu Hörste 2020). Especially 
research in the field of audience and user studies has started to examine the multiple forms of user 
agency with regards to how users decode (Swart 2021), make sense of (Bucher & Helmond 2018), 
and avoid and/or resist algorithms and AI-driven platforms (Bonini and Treré 2024). These studies 
have brought attention to the user’s active role in adopting intelligent technologies. Further, they 
have shown how users’ reflective engagement with technology shapes and reshapes technological 
structure(s) as well as professional practices (Mathieu et al. 2022). AI is thus not only shaped by its 
underlying models and technical infrastructure but also by the interpretations and practices of its 
users. 

 
GENAI AS A “COMMUNICATIVE OTHER” 
The young research field of human-machine communication (HMC) has argued that the human-
centric communication paradigm is being challenged by the widespread adoption of intelligent 
technologies (Guzman 2018). Already a decade ago, Gunkel (2012) put forward the notion of an 
intelligent machine as a “communicative other” (22). This notion moves away from the traditional 
understanding of communication technologies as means of transmitting or mediating information 
and moves towards the idea of intelligent technology as an interlocutor that is designed to 
participate in human communication. Following this, GenAI, in the scope of this study, is 
conceptualized as a communicative agent, taking part in shaping and redefining communicative 
processes. In the process of human-GenAI communication, users are generally viewed as agentic, 
that is, capable of refining and customizing outcomes to align with their specific needs. Analyzing 
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GenAI as a communicative other from a user’s perspective provides insights into the evolving socio-
technical dynamics emerging and thus shaping organizational contexts. 
 
DOMESTICATING GENAI AT WORK 
Domestication theory provides a valuable theoretical lens through which to examine GenAI in 
professional contexts, as it allows for a focus on the user while simultaneously highlighting socio-
technical and contextual factors. In the social studies of technology, the theory of domestication 
holds significant importance, even though its application and interpretations differ. The starting 
point for domestication theory is the exploration of processes regarding the ‘taming’ of new 
technologies, which are often perceived as wild, unpredictable, perplexing, or somewhat 
troublesome. New technology is, hence, not solely a tool to be used efficiently but something that 
needs to be actively appropriated by the user. In other words, users need to adopt the technology 
and, furthermore, integrate it into their daily routines, which is a complex process. Today, for 
example, we might perceive the electrical toothbrush as normal and common. However, when it 
first was introduced, this very technology needed to be tamed by its users in order to become an 
accepted and integrated part of daily oral hygiene routines (Carter, Green, & Thorogood 2013). 

Domestication theory’s central concepts of appropriation, objectification, incorporation, and 
conversion were originally formulated in a household context (Silverstone & Hirsch 1992); since 
then, however, they have been used and transformed in a variety of ways (Haddon 2006). The 
concept of appropriation refers to the process where a technology is selected and starts to be 
incorporated into everyday practices. This involves making choices about how to use the 
technology, for what purpose, and how to tweak and tune it for personal needs. In the 
objectification stage, the technology is being integrated and normalized through habitual use. This 
is followed by an incorporation phase, where the technology becomes embedded in the cultural 
and social context. The final stage of conversion refers to the overall transformational impact of 
the specific technology in a broader societal context. It is important to note that technology 
appropriation is not a linear but a complex and intertwined process (Silverstone et al. 1992). 

In this study, the focus lies especially on the initial stage of appropriation, that is, how users 
‘tame’ the ‘wild’ technology of GenAI for professional purposes. A specific interest lies in empirically 
carving out the ambiguities and contradictions users need to negotiate when aiming to adopt the 
technology. GenAI can be described as ‘wild’ because of its unique capacity to generate human-like 
communication, thus challenging communication processes in professional workflows and 
organizational routines. Even though the study takes place in a professional environment, it is 
important to acknowledge that professional and personal contexts are inextricably linked (Haddon 
2006). Adopting a domestication perspective allows, hence, a nuanced understanding of the 
processes by which GenAI is appropriated from an employee’s point of view.  

To summarize, the notion of taming GenAI refers to a multifaceted socio-technical process 
shaped by human-machine communication. Users may exert control and mastery over the 
technology, thus shaping, tweaking, and tuning GenAI to fit their specific needs and preferences. 
This may involve customizing prompts or adapting workflows to optimize GenAI utilization in a 
specific context. Additionally, GenAI adoption processes are likely to be influenced by users’ prior 
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experiences, expectations, and cultural norms surrounding artificial intelligence and automation in 
the workplace (Ashri 2019).  

 
METHODS 
The empirical analysis is based on data collected in spring and summer 2023, including a survey, 
fourteen semi-structured interviews, and notes from informal on- and off-site meetings. The 
analysis draws on data collected as part of a broader research project on the use of generative AI 
in a professional context. Portions of the data material, including selected quotes and examples, 
are also analyzed in Mahnke and Bagger (2024). The data was collected in close collaboration with 
a non-profit organization headquartered in Chiang Mai, Thailand. The organization works primarily 
in the Mekong Delta. They chose to build their main offices in Chiang Mai because of its centrality 
and reputation as a digital hub in the ASEAN region. Thailand is known for its robust digital 
infrastructure combined with relatively low living costs, which creates an attractive environment 
for a diverse range of international organizations. The organization was chosen as a research site 
because of its diverse international setting, reflected in the workforce of more than seventy 
individuals representing various cultural backgrounds and a variety of projects based in Southeast 
Asia, while also maintaining strong connections to Europe. 

The different methods for data collection were chosen to allow for a comprehensive 
understanding of GenAI taming processes. At first, a survey with twelve questions asking for overall 
user practices and experiences was distributed amongst the seventy professionals working in the 
organization. Sixty employees returned the completed survey, yielding an 86 percent response rate. 
Descriptive statistics were used to analyze the closed questions, and the open-ended questions 
were analyzed thematically. The survey results were then used to sample interview participants. 
The sampling procedure followed a deliberate sampling strategy, as described by Cresswell and 
Poth (2017). The following factors were used to choose interview participants: 1) work tasks; 2) 
seniority; and 3) experience with GenAI. The criterion “experience” was divided into five categories, 
ranging from “extremely familiar” to “not familiar at all”. “Seniority” comprised shorter work 
contracts (less than a year), middle-range work contracts (between one and three years), and long-
term work contracts (more than five years of employment). The “work tasks” criterion concentrated 
on the daily work tasks. Aside from the survey and interviews, informal on- and off-site meetings 
were carried out. The primary purpose of those meetings was to talk informally, build closer 
relationships, and create a better understanding of the context and everyday work conditions. 

A total of fourteen qualitative interviews were conducted. The semi-structured interview 
guidelines included a range of topics, from daily user practices to the implications for professional 
tasks. Domestication theory views non-use as a deliberate decision, and therefore, two interviews 
with non-users were conducted as well. These allowed insights into the reasons why GenAI was 
either rejected or not used. The duration of the interviews ranged from twenty minutes to one hour. 
All of them were recorded, made anonymous, transcribed, and edited for readability. Each interview 
was coded thematically (Brinkmann & Kvale 2014) in several iterative steps until data saturation 
was archived (Alvesson & Kärreman 2007; Brinkmann 2014). 



Research Articles  Southeast Asian Media Studies Journal | Vol. 6, No. 1, 2024 

MAHNKE | GENERATIVE AI AT WORK | 38 

Because GenAI is at the core of this study, an experiment with ChatGPT for interview coding was 
conducted in addition to the manual (human) coding. Following the instructions from a YouTube 
tutorial (Kriukow, 2023), different prompts were developed for ChatGPT-4 to provide codes and 
theme suggestions for parts of the interview material. The interview material that was used in 
ChatGPT-4 was carefully selected to ensure compliance with ethical research standards and to 
avoid compromising interview participant data. At the end of the experiment, it was concluded that 
the output was too generic and unsuitable for the analysis. Therefore, no AI-generated codes were 
included in the analysis. Nevertheless, the experiment contributed to a deeper and more nuanced 
understanding of the material because it allowed for comparing and questioning ChatGPT’s output 
and the human analysis. 
 
EMPIRICAL ANALYSIS: TECHNOLOGICAL PROMISE AND PROFESSIONAL VALUES 
The following analysis delves deeper into professionals’ adoption processes of GenAI for 
professional purposes. The thematic analysis focuses specifically on the ambiguities, 
contradictions, and negotiation processes that occur in relation to the adoption process. As a 
conclusion to the analysis, it can be stated that professionals need to carefully balance 
technological promise with professional values. In the organizational context, GenAI applications 
were generally welcomed and approached optimistically. However, sooner than later professionals 
find themselves in a conundrum where it becomes their task to tame GenAI, that is, to balance the 
potential offered by the technology with their professional values and beliefs. Especially in an 
organizational context where guidelines and regulations are yet to be implemented, a heightened 
sense of responsibility is put on the individual employee, calling for careful strategies and 
appropriate responses.  

In the following section, the empirical analysis is presented, starting with a description of the 
survey results. They serve as a backdrop for the subsequent thematic analysis, which delves deeper 
into the interview data by outlining the three major themes that arose during the coding process. 
 
Opportunities and challenges 
The use of GenAI is widespread in the examined organization; almost all employees (90%) have 
interacted with GenAI to at least some degree. Eleven percent of the respondents stated that they 
were very familiar with GenAI, 25% said that they were somewhat familiar, 28.3% said they had 
played around with it, and 35% said that they had heard about it. 35% of the respondents said they 
have tried GenAI but found its use of no particular value. When considering specific tools, 
Grammarly and ChatGPT are the most popular ones, followed by Quillbot and Google’s Bard (now 
Gemini). When asked about the effectiveness of these tools, 51.7% stated that they enhance their 
work to a certain degree. Most employees are generally optimistic about the impact GenAI can have 
on the organization. Several employees stated that GenAI could serve as an asset in enhancing 
translations and report writing. However, there was also a clear consensus amongst the employees 
that GenAI requires clear guidelines. Despite the evident enthusiasm, some respondents expressed 
feelings of resistance, pressure, or even fear. One stated, “I think we should be careful with blindly 
using AI tools (...) would be a pity if we lost the skills writing our own reports”. Another concern is 
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the authenticity and reliability of the information. While most respondents see GenAI as a valuable 
tool for suggestions and ideas, it is acknowledged that “not all the AI suggestions will be relevant”. 
In conclusion, the results of the survey show that GenAI is widely used within the organization and, 
further, that employees are aware of its opportunities and challenges. Against this backdrop, the 
qualitative thematic analysis is presented below, starting with the first identified theme, which is 
termed finding comfort and professional confidence.  
 
Finding comfort and professional confidence 
As the survey data shows, GenAI is adopted for various purposes, and the following qualitative 
analysis will nuance and detail the results further. Some of the most prevalent applications are the 
use of GenAI as a language assistant, a content producer, and an idea generator. Current research 
has also outlined this as the main benefits of GenAI (Farrokhnia et al. 2024). Most of the informants 
use GenAI to refine their English, from simple text corrections to the creation of more sophisticated 
texts and reports. There was a consensus amongst the respondents that GenAI helps to produce 
texts and often serves as a good starting point, especially when tasks are repetitive. For example, 
when forms need to be filled out or standard reports need to be written.  

One of the informants, June, a young woman overseeing different projects, uses GenAI primarily 
for writing emails, informal or formal ones, and as an assistant for creating texts for different 
purposes. She is especially excited about how promptly she receives answers and feels that GenAI 
makes written communication much easier and faster. Throughout the interview material, the use 
of GenAI as a language assistant is dominant. This may be less surprising, because English is the 
organization’s corporate language but not the native language of many of the employees. What is 
perhaps more surprising is the level of comfort and self-assurance that some employees gain from 
using GenAI. Several informants mentioned that using GenAI increases their professional 
confidence significantly. June, the young woman mentioned above, states: 

 
I am not fully confident after I write something. And when I want to have a sentence 
like for example, that is what I try to, I copy and paste into AI and ask them, ask AI to 
write in the most like formal way or familiar way and things like that. And the I see and 
compare with my original writing and their [AIs] writing and then, yeah, and then I 
finalize things. (June) 

 
For many of the interviewees, it is very important to portray English at a high level, and GenAI 
appears to be the ideal tool for achieving this. Differences in language proficiency are inevitable due 
to the organization’s international and culturally diverse background. Especially employees with 
lower English proficiency reported using GenAI as a professional translation and text creation tool. 
In relation to this, it is important to mention that AI-generated text is rarely copied and pasted the 
way it is. Typically, it is tweaked and tuned several times. 

When asked about the difference GenAI makes when used for communication purposes, most 
interviewees reported that they felt that using GenAI led to a better understanding between the 
different partners involved in the communication processes. Another young female employee, 
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Flora, talks about her lack of educational background in English as a second language and how she 
has been using GenAI to train her English skills. She uses her technical background to get useful 
results from GenAI, constantly crosschecking, tweaking, and revising her prompts to receive the 
best possible output.  
  
More than just a tool 
The second theme becoming evident in the analysis is termed more than just a tool. It relates 
primarily to employees’ sense-making processes and conceptualizations of GenAI. Even though 
employees may start by utilizing GenAI as a tool for simpler text tasks, the analysis shows that, 
over time, GenAI becomes more than just a tool. Many describe GenAI as “simple” in the sense that 
it is a simple tool to use. Furthermore, it is “helpful” and “for free”, meaning the employees do not 
have to pay for using it. Interviewees also describe GenAI in more metaphorical and philosophical 
terms, such as “magic”, “amazing”, and “a conversation partner”. June, introduced above, values the 
fact that GenAI offers suggestions, encouragement, and positive energy. While she also likes to talk 
to her friends and colleagues, she describes the advantage of GenAI as “I can use it when I want to 
use it.” 

Another informant, Peter, who is primarily working at the intersection of finance and 
communication, describes GenAI as a “knowable assistant”. Peter’s tasks include answering all 
financial supporters and donors with a personal letter. While he generally enjoys this task, he also 
felt like he was reaching personal limits. Sometimes he felt his writing lacked empathy, and other 
times he felt like it was too repetitive, especially when he was communicating with the same donor 
over longer periods of time. After hearing about the new technology from a colleague, he tried it for 
himself: 

 
After trying it out, I realized it’s particularly useful for our emails to donors. It provides 
good input, offers inspiration, and serves as a template for what to write. Eventually, I 
run out of ideas too. I tend to get stuck in my patterns of speech and thought, often 
writing the same things or variations of them. Especially when communicating 
frequently with donors, it’s been a great option. (Peter) 

 
In the beginning, he used GenAI primarily for translations, and later, he started to use it for creating 
text templates, which also shows the progression in the ‘taming’ process. In general, he feels a 
certain relief from getting new and diverse inputs from GenAI as a creator and idea-giver. Peter’s 
description of GenAI mirrors several other employees’ experiences with the technology. Many of 
them talk about how they turn to GenAI when they want to improve their work but cannot find the 
capacity within the organization.  

 
Negotiating uncertainty and risks 
The third theme, which is termed negotiating uncertainty and risks, points to the intricate dilemmas, 
concerns, and challenges arising through GenAI use in professional contexts. All employees 
acknowledged inherent risks and tried to find ways of negotiating them in order to generate the 
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best possible outcomes. Some spent time cross-checking and tweaking the outcome; others, like 
Flora, whom we introduced above, point towards the significance of precise and detailed input. Due 
to her technical background, she is aware of the risk that imprecise prompts may potentially lead 
to ambiguous outputs with low quality: 

 
And you would say that maybe there is some of the risk that the input isn’t precise 
enough, isn’t good enough in a way, ok? But it is the input that is not clear. The 
command of the things that you want to do is not clear. Also the output cannot be, I 
mean, it can be a risk to just like copy and paste and then I send it. Is this the real 
meaning? Like is this the real message that I want to get or maybe I want to change 
some words because I have the output. And then I say ok, this makes sense. So maybe 
I will use another word. It’s not only like copy and paste. In each stage at each step, you 
need to be very critical to reduce this kind of risks. (Flora) 

 
During the interviews, employees often go back and forth between the machine’s output and their 
own (human) interpretations. At the receiving end, some interviewees have thus begun to question 
whether certain pieces of communication were generated by GenAI or not. Another employee 
states critically: “People use it [GenAI] too much. I think we don’t use our own idea and our own 
thoughts and our, we couldn’t afford our, how should I say ... just like we use everything from AI 
and ChatGPT” (Chang).  

During the analysis, a nuanced interplay between cultural backgrounds and the adoption of 
GenAI emerged. While all participants had engaged with GenAI in one way or another, their 
experiences and openness varied significantly. While some employees refused to use GenAI 
because they anticipated a high risk of compromising personal data, others were extremely 
enthusiastic about the technology. They were quick to integrate the technology into their everyday 
work. This shows not only the intricate negotiations that organizational employees engage in while 
integrating GenAI into their work practices, but it also reflects the cultural and personal nuances 
that influence these negotiations. 
 
DISCUSSION: GENAI AND HUMAN AGENCY 
The analysis shows how GenAI is being adopted for contemporary work routines and practices. As 
mentioned in the theoretical section, adoption processes are complex, prompting employees to 
tame GenAI—that is, making the technology work for their needs and purposes. The analysis 
shows that GenAI has been adopted in various ways, ranging from using it as a basic text tool to a 
conversation partner. The wide-ranging adoption of GenAI in professional contexts raises 
questions of human and technological agency as well as how organizational contexts are shaped 
and reshaped through employees’ adoption of GenAI. 

Human agency refers to the capacity of individuals to act and reflect upon their use (de Certeau 
1984; Giddens 1984). The adoption of GenAI is challenging users’ prior conceptualizations of what 
technology is capable of and useful for. Employees using GenAI to produce texts might start relying 
on it to an extent where they feel like losing their own voice. Particularly in the context of this study 
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in Southeast Asia, the correlation between limited English proficiency and increased reliance on 
these tools has become evident. This highlights a critical tension: while GenAI enhances employees’ 
work, it also impacts their sense of ownership regarding the very same work. The integration of 
GenAI tools into everyday work processes thus calls for a deeper evaluation of the organizational 
contexts and frameworks in which these tools are adopted. This further underscores the 
importance of considering the broader socio-cultural context in which GenAI adoption occurs, as 
well as the ethical questions involved. Issues such as transparency, accountability, and the potential 
for bias in AI-generated content become increasingly relevant as GenAI becomes more deeply 
embedded in daily work practices. Organizations need to openly address these challenges to ensure 
that the adoption of GenAI technologies does not diminish human communication processes and, 
thus, human agency. 

While the agency of GenAI is not to be equated with that of human actors, it becomes clear that 
the sophisticated output generated through GenAI compels, or, as Gunkel (2012) puts it, “calls 
upon” employees and “requires an appropriate response” (21). Employees are called upon to adopt 
GenAI in ways that go beyond traditional technology-as-a-tool conceptualizations, and by doing 
so, professional practices and routines gradually change. New norms are introduced incrementally 
through the employee’s mundane, everyday use. A way to study this further is, as Lomborg, Kaun, 
and Scott Hansen (2023) suggest, to “highlight ground up experiences and practices relating to 
technologies while taking into account the specific context within which they emerge” (12). This is 
especially valuable as GenAI is not exclusively used for professional purposes but also spans across 
the personal sphere. The examination of employees’ ground-up experiences can contribute 
towards a better understanding of the nuanced ways in which GenAI influences both work and 
personal life. Furthermore, it allows us to study the subtle shift in norms and practices that occur 
as employees not only start to adopt GenAI but appropriate them over time. 
 
CONCLUSION 
This study examined professionals’ taming processes of GenAI. It focused especially on 
contradictions, ambiguities, and negotiating processes. A significant empirical observation is that 
GenAI has become an integral part of professionals’ everyday work routines and practices. 
However, the empirical analysis also showed that the adoption of GenAI is still in a trial-and-error 
phase: employees are currently exploring opportunities and potential challenges. The ubiquitous 
use of GenAI in organizational contexts signifies a transformational phase in organizational 
processes. Based on the theoretical discussion and empirical analysis, it can be concluded that 
GenAI influences and modifies the work practices of employees incrementally and, consequently, 
has an impact on the organizational context as well as the organization itself. The long-term impact 
of GenAI adoption on organizations remains to be seen and needs further research. 

At present, it is recommendable for organizations to formulate explicit, transparent, and 
meaningful guidelines regarding the use of GenAI to preserve the organization’s mission. 
Meaningful policies will allow employees to use GenAI with ease, which, in turn, will improve trust, 
productivity, and legal compliance. According to the study’s findings, most employees see GenAI as 
having the potential to enhance productivity, which is one of the primary reasons they began to 
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adopt it. Understanding the strategies used can provide organizations with a strategic advantage, 
as employees’ firsthand experiences can illuminate benefits and challenges. 

Taking this a step further, this study advocates that organizations start to generate user-
centered guidelines. That is, guidelines that prioritize the needs and experiences of the employees, 
ensuring that the utilization of GenAI aligns closely with the organization’s mission and serves 
employees’ expectations and requirements. By embracing a user-centric approach, organizations 
can provide a framework that empowers employees, enabling them to use GenAI meaningfully and 
to the advantage of the organization. 
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